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Pre-election

Train | 80%

Valid |
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Validation (on preElection) information is shown below:
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Post-election Test | 100%

precision recall fl-score support Testing (on postElection) information is shown below:
precision recall fl-score support
0 0.80 0.83 0.81 2717

1 0.62 0.70 0.66 89 0 0.72 0.74 0.73 825
2 0.85 0.75 0.79 67 1 0.39 0.36 0.38 263
3 0.75 0.66 0.70 120 2 0.35 0.46 0.40 265
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6 0.49 0.67 0.57 447

accuracy 898 m
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